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#Custom Generator Function
class My_Custom_Generator (keras.utils.Sequence) :
def __init__(self, file_names, labels, batch_size) :
self.filenames = file_names
self.labels = labels
self.batch_size = batch_size
def __len__(self) :
return (np.ceil(len(self.filenames) /float(self.batch_size))).astype(np.int)
def __getitem__(self, idx) :
batch_x = self.filenames[idx * self.batch_size : (idx+1) * self.batch_size]
batch_y = self.labels[idx * self.batch_size : (idx+1) * self.batch_size]
return np.array([resize(imread('dataset_location'+ str(file_name)), (101, 101, 3))
for file_name in batch_x])0.255/, np.array(batch_y)
#import Data
filenames_counter = 0
labels_counter = -1
for subdir, dirs, files in os.walk(train_dir):
for file in files:
filenames.append(file)
labels[filenames_counter, 0] = labels_counter
filenames_counter = filenames_counter + 1

labels_counter = labels_counter+1

#categorizing the photos
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y_labels_one_hot = to_categorical(labels)

#shuffling the Data
filenames_shuffled,lablel_shuffled = shuffle(filenames,y_labels_one_hot)
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RULE IF THEN

RULE Learn p_velocity | Adaptation Speed Rotate
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Generic Hexarotor x geometry

Airframe:

Hexarazar x (€001
Herdware: PX4_FMU_V3 (v2)
Software Version: V1.9.2(10890587)
05 version: NumX, ¥7.28.0
Estimaror. EKF2
LoggingStart ®:  12.09-2019 1627
Logging Duration:  0:04:54
Dropouts: 11(0395)
venicee Life i
il 32 minutes 52 seconds
Venicie UUID: 000100000000383937303435511900340021

Distance:
Max Altitude Difference:
Average Speed:

Max Speed:

Max Speed Horizontal:
Max Speed Up:

Max Speed Down

Max Tiit Angle:

Max Rotation Speed:
Average Current:

Max Current:
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