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2 Radial Basis Function (RBF)
3 Adaptive Network-Based Fuzzy Inference System (ANFIS)
* Cellular Automaton
>Extreme Learning Machine
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? Semi-Supervised and Unsupervised Extreme Learning Machines
12 Weighted extreme learning machine for imbalance learning (W-ELM)

' Brain Emotional Learning Based Extreme Learning Machine (BEL-ELM)
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