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"Intrusion Detection System (IDS)
? Abnormal

3 Anomaly

*Misuse

SFirewall

SUser authentication

"Data encryption

8
Access control scheme
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? Artificial Intelligence (AI)
""Multi-Layer Perceptron (MLP)
""Radial Based Function (RBF)
12Support Vector Machine (SVM)
BDecision Tree (DT)

" Gradient Descend (GD)

Genetic Algorithm (GA)

'Gravitational Search Algorithm (GSA)
"Particle Swarm Optimization (PSO)
"®Deferential Evolution (DE)

IgImperialist Competitive Algorithm (ICA)
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